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Research Review of Wood Defect Recognition Based on Digital Images
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Abstract: Digital image processing technology is one of the most widely used technologies in the
identification of wood defects, which has the advantages of accuracy, rapidity, nondestructive, and low
cost. With extensive literature research, this paper expounds the present status of studies on the wood
defect recognition based on the digital image technology. The image preprocessing, segmentation, feature
extraction and selection, and the algorithm involved in image recognition and classification process, were
analyzed. The principles, characteristics, and existing limitations of each method were summarized. The
trends of future research were discussed. Further study is needed on automation and artificial intelligent
of digital image processing technology.
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Tab.1 Comparison of advantages and disadvantages of image noise reduction methods
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Tab.2 Comparison of the segmentation method of wood defect images
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Tab.3 Summary of extraction and selection methods of wood defect images
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